
Data-Driven 
AI meetup
Content moderation 
with humans and ML



Explore data-driven world with us 

https://toloka.ai/community/

https://toloka.ai/community/
https://join.slack.com/t/tolokacommunity/shared_invite/zt-1il4olbgh-2pK2zhDGix46uks0vfUqpQ?yqrid=ry7ml6vKDwq
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Explore data-driven events in Berlin 

https://www.meetup.com/meetup-g
roup-data-driven/

https://join.slack.com/t/tolokacommunity/shared_invite/zt-1il4olbgh-2pK2zhDGix46uks0vfUqpQ?yqrid=ry7ml6vKDwq
https://www.meetup.com/meetup-group-data-driven/


Agenda

18:30 – 19:00  — Item moderation and data multi-labeling 
for e-commerce, Elena Gruntova, 
Product Director, AliExpress

AI content moderation: the truth is out there 
Gal Cohen, Product Manager, Taboola

Break + networking

Panel discussion about moderation with 
Aliexpress, Booking.com, Taboola and Toloka

19:00 – 19:30  —

19:30 – 19:45  —

19:40 – 20:30  —



Olga 
Megorskaya

CEO

Ask questions = receive 
answers and gifts from 
our community 



AliExpress

Item moderation
and data multi-labeling 
for multinational
e-commerce
Elena Gruntova, СPO at AliExpress CIS



AliExpress CIS

— Launched in 2010 as a B2B, later B2C marketplace by 
Alibaba Group

— In Sept 2019 Aliexpress CIS countries became a JV, 
Alibaba Group & local investors. Product & 
development localization 

Previously CIS main Aliexpress app was powered by Alibaba. From 
May 23d 2022 AliExpress CIS got new official app, and it’s locally 
developed.

GMV

306 bln ₽
total GMV
excluding services

+46% growth

The assortment

211 mln
the total number of SPU

+52% growth

16,5 mln
the number of local SPU

+184% growth

3,2 bln
the total number of SKU

+48% growth

The sellers

400K
the total number of sellers

+69% growth

102,5K
the number of local sellers

+193% growth

The audience

28,7 mln the number 
of buyers

80,2 mln the number of unique 
users for the year

35 mln MAU

12,5 mln DAU

110 bln ₽
local business GMV
excluding services

+124% growth

FY    2021
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Reasons to localize item moderation

Local legal regulations
— Devices for secretly obtaining 

information

— Goods without certification 

— Weapons

— Prohibited substances 

— Other banned products

Cultural differences
— Health-related matters

— Body measurement

— Open body demonstration limits

— Culturally or politically charged 
images
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Classification

OK

Product without display 
restrictions. These 
products can be sold 
and displayed 
everywhere

Restricted

The product is 
restricted to display. 
Can only be shown 
upon direct request

Adult

Adult products related 
to sex. We separate it 
into a separate 
category since we 
mean a separate 
product logic for these 
products (blair, age 
confirmation, display 
only on requests)

Prohibited

Products that are 
prohibited for sale 
according to the laws of 
the Russian Federation 
& CIS or company 
policy. Can't be shown 
anywhere and sold at all

Suspect
to Fraud
Products with 
unreasonably high or 
unreasonably low price, 
or product without clear 
description
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Classification: examples

I don’t give a shit
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Classification: examples

Product description specifies illegal 
substances

Title states it’s a legal product but Q&A shows otherwise. 
And subscription can be sold by the service itself only
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Items prohibited for sale

Criminal activity Contains 
dangerous 
substances 
(toxic, radiation 
hazard…)

Radical politicsl 
 

Prohibited 
weapons

Smoking related 
items

Prescribed 
drugs
 
Alcohol
 

Porno, sexual 
violence

Animals, plants, 
illegal hunting 
and fishing

Certified services

IP 

Not for sale 
items, test items
 

Illegal drugs
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Cultural differences

* Jackson A., Guerra N.S. (2011) Cultural Difference. In: Goldstein S., Naglieri J.A. (eds) Encyclopedia of Child 
Behavior and Development. Springer, Boston, MA. https://doi.org/10.1007/978-0-387-79061-9_752

ORIGINAL ITALY

Integrated and 
maintained 
system of socially 
acquired values, 
beliefs, and rules 
of conduct

Distinguishable 
from one societal 
group to another

Which impact 
the range of 
accepted 
behaviors
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Cultural differences: main topics

Medicine Personal hygiene
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Cultural differences: more examples

Jokes Suspicion
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Cultural differences: cultural context

Cultural context
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Items we hide: only direct link or query

Disgusting
Unreasonable 
attraction of 
attention to the 
product
 

Insulting

Obscene 
language

Realistic 
depiction of 
disease and 
injury
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Moderation metrics for product subsets

Advertising 
feed New products Top selling items Top GMV items

Items from SERPs 
for 1k most popular 

search queries

OK 99.55% 96.76% 97.94% 96.15% 92.87%

Restricted 0.10% 0.14% 0.57% 1.53% 0.11%

Adult 0.15% 0.58% 1.13% 0.85% 5.93%

Prohibited 0.04% 0.04% 0.11% 1.02% 0.10%

404 Error 0.16% 2.48% 0.25% 0.45% 1.01%
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Pipeline for whole project

Daily queue for moderation 
(new items, priority items)

Set of items for moderation

Quality regular dataset

ML model (fraud/blocked)
Toloka

Raw item data

ML moderation verdict Verdict Manager

Enrich learning set

Database 
item-seller-source-priority-pu

nishment status

Item service/Tag service

Item service/Blocked items

Punishment Database

Punishment Backoffice Punishment service
Users feedback (feedback 
from detail page, chat, CS, 

slack…)

Adult

P
un

is
h

Sync data
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Pipeline for labeling 

ML result
Probability is below 

threshold: Gray Zone

Verdict Manager

ML result
Probability is above 

threshold: Certainly OK

ML result
Probability is above 
threshold: Certainly 

Prohibited

Database 
item-seller-source-priori

ty-punishment status

Items for Crowdsource

Golden set items

Toloka

Training for assessors

Exam

Qualified Assessors

Tasks Level 1
(majority vote out of 3 

evaluation)

Tasks
Level 1

# 1

Tasks
Level 1

# 2

Tasks
Level 1

# …

Results for Task Level 1

Aggregated Results
of Tasks
Level 1

Gray Zone items
Positive Majority

Gray Zone items
No Majority

Tasks Level 2
(majority vote out of 7 

evaluation)

Tasks
Level 2

# 1

Tasks
Level 2

# 2

Tasks
Level 2

# …

Results for Task Level 2
Aggregated Results

of Tasks
Level 2

Overall
Aggregated 

Results

Golden set items

Typical task structure

Gray zone items
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More details on daily queue 

* Jackson A., Guerra N.S. (2011) Cultural Difference. In: Goldstein S., Naglieri J.A. (eds) Encyclopedia of Child 
Behavior and Development. Springer, Boston, MA. https://doi.org/10.1007/978-0-387-79061-9_752

Product priorities: 
new products, top 
items by 
exposure, top 
items by GMV, 
Golden items 

Analytical inputs: 
customers 
behaviour, item 
performance, 
regular 
features… 

ML inputs within 
thresholds 
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Specific task from Ali Moderation project in Toloka

Tasks In progress Messages Guide

Product without restrictions

Restricted display

18 + (Adult)

Prohibited

Task error

ALI: define products with restrictions for display

Product detail page

Product without restrictions

Restricted display

18 + (Adult)

Prohibited

Task error

Product detail page

Product detail pageProduct detail page

Product without restrictions

Restricted display

Product without restrictions

Restricted display
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Toloka metrics at 6 months scale

200    100 000
SKU daily

0,017     0,011500    5000
participants

15 sec
Avrg time per one SKU

~92%     98.7%
Quality control

66.7%
Training quality

per SKU
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Key learnings
20

General ML classification model aided by human evaluation is a 
powerful complex when big data tasks are at a stake

Using effective and scalable crowdsource mechanics allows for 
weakly formalized domains evaluation (e.g. cultural differences), 
and it s̓ sensitive to current context and recent changes

Moreover, these data can be transferred and efficiently performed 
by ML algorithm: ML can learn from human evaluation and scale 
results

Human verdicts are used to get final conclusions, but also help 
improve ML performance – it s̓ a double action trigger 



Elena Gruntova
CPO at AliExpress CIS

Thank you!

elena.gruntova@aliexpress.ru



AI Content Moderation

The Truth is Out There

Gal Cohen
Product Manager

Taboola
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AdvertisersPublishers



Goal #1:

Block non-compliant content
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Goal #2:

Label advertisement correctly

Quality level:

High

30

Advertisement type:

CTA

Category:

Investments
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Here. We.

GO!
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Content policy rule #1

The category of the ad must reflect its 

actual essence



Which category is it?

Real Estate or Gossip
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Human review challenge #1

Inconsistency



35

Content policy rule #2

Celebrities cannot advertise products, 

unless they are getting paid for it



Get an Indian passport within 

30 days
Indian Passports Ltd
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Approve or Reject?

Azim Premji
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Human review challenge #2

Localization
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Content policy rule #3

Taboola does not allow any

disturbing imagery



$85k each month

Right answer: we need to consult with the business
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Approve or Reject?
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Human review challenge #3

Business dependency
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(say: “wow!”)
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150k decisions

Each day
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TLV: 2am NYC: 7pm
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Automations

Predefined rules

Obvious decisions



Yesterday Today
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Automation Examples
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Automations

Predefined rules

Obvious decisions

AI

Machine learning

Standard decisions
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AI Examples

Image Safety

SAFE

UNSAFE
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AI Examples

Face Recognition

Jun, RnD director @taboola

Tracy, group manager @taboola

Boaz, Algorithm engineer @taboola
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Automations

Predefined rules

Obvious decisions

AI

Machine learning

Standard decisions

CRT

Manual review

Hardest decisions
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Who makes more decisions?

Automations AI CRT

4%

65%
31%

Automations

AI

Manual 
review

https://docs.google.com/spreadsheets/d/1yyOivDY8dR657rP4NxaecuKr1UyqiImiUjfzptKWbbE/copy#gid=0
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AI Automations



Today

53

Yesterday
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AI-Powered Automation
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Image Simiarity 
Model

“Similar!” “Not similar!”



If X < threshold then SIMILAR

If X >= threshold then NOT SIMILAR

Image similarity model

How does it work?
Embedding

X

Euclidean distance
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Similar BUT not the same person

57

Obama Not Obama

“Similar!”



Similar BUT a different decision
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“Similar!”
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Huston, we have a problem…

What is “similar”?
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In other words

Which threshold 
should we choose?

0.1
0.2

0.3

0.4

0.5

0.7

0.8

0.9



We need 

Humans
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T1 = 0.4T1 = 0.8Original + New

Threshold Precision Recall Accuracy

0.8
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Ground truth
(majority vote)

Similar

AI prediction

0.55Similar Similar Not similar Similar

Similar Not similar Not similar NOT similar 0.75
0.75 < 0.8

Similar

T1 = 0.6

0.55 < 0.6
Similar

0.55 < 0.8 0.55 > 0.4

NOT similar

0.75 > 0.6
NOT similar

0.75 > 0.4
NOT similar

0.6

50% 100% 50%

0.4 Undefined 0% 50%

100% 100% 100%
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After

4%

65%

20%

Automation

AI

Manual

AI-powered 
automation

11%

Before

4%

65% 31%

AI
Manual

Automation

https://docs.google.com/spreadsheets/d/1yyOivDY8dR657rP4NxaecuKr1UyqiImiUjfzptKWbbE/copy#gid=0
https://docs.google.com/spreadsheets/d/1yyOivDY8dR657rP4NxaecuKr1UyqiImiUjfzptKWbbE/copy#gid=0


● Keep an open mind

● Use best practice

● Join Taboola. We are awesome.
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Take-aways



65

Thank You



Break + networking



Panel discussion 
about Moderation 



1. What is your content 
moderation journey?

 



2. What do you like most about ML 
for moderation? How do you work 
around its disadvantages?



3. How does a 
content moderator’s 
typical day look like?



Feedback and more ideas 
for the next event 



Thanks!


